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SUMMARY

As a main force of ocean shipping, the energy consumption of container ships is considerably high due to the frequent load 
shifts of the main engines and other disturbances. In this study, for main engine power control systems consisted of several 
subsystems in small and medium sized container ships, a distributed scheme is proposed to relief input and output fluctuations 
caused by disturbances. First, a simplified interconnected model considering couplings among subsystems is established in 
a state space form. Second, a distributed model predictive control scheme based on Nash equilibrium is proposed to reduce 
influences from unknown and bounded disturbances by optimising in a negotiated manner. Finally, a contrast simulation is 
carried out between the proposed method and the decentralised model predictive control. The result shows that the proposed 
method works better than the decentralised one with less fluctuations. This study provides a theoretical basis for designs and 
reformations of main engine power control systems in small and medium sized container ships. 
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NOMENCLATURE

IMO International Maritime Organisation
MPC Model Predictive Control
DMPC Distributed Model Predictive Control
NE-DMPC DMPC based on Nash equilibrium
PID Proportion Integral Derivative
KKT Karush-Kuhn-Tucker
S1  cooling water temperature control 

subsystem
S2 main engine control subsystem
S3 fuel oil viscosity control subsystem
Si Subsystem i
xi state of Si
ui control input of Si
zi interconnected input of Si
yi output of Si
vi disturbance of Si
xis steady value of xi
uis steady value of ui
zis steady value of zi
yis steady value of yi

∆ ix  ( ) ( )∆ = −i i isx k x k x

∆ iu  ( ) ( )∆ = −i i isu k u k u

∆ iz  ( ) ( )∆ = −i i isz k z k z

∆ iy  ( ) ( )∆ = −i i isy k y k y
Qi weight matrix of error

Ri weight matrix of control input
Ji,k objective function of Si at time t=k
Ai system matrix of Si
Biu control input matrix of Si
Biz interconnected input matrix of Si
Ci output matrix of Si

1. INTRODUCTION

Characterized by high efficiency, multiple collaboration, 
and low cargo loss rate, container ships play an important 
part in merchandise waterway transportation (Meng, 
Zhao, & Wang, 2019). In the latest research of Clarksons, 
container ships account for 58% in the new shipbuilding 
market in the first quarter of 2021 (http://www.eworldship.
com/html/2021/ship_market_observation_0709/172706.
html (Accessed 9th July 2021)). With the wide application 
of core technologies  such as intelligent control (Wu, Jin, 
Liu, et al, 2021), internet of things (Philip, et al, 2021), 
artificial intelligence (Liu, et al, 2018), and cloud computing 
(Ogbole,  Ogbole,  & Olagesin, 2021), intelligent ships 
(e.g. autonomous underwater vehicles (Cai, Zhang, & 
Zheng, 2017) (Li & Yan, 2017), unmanned surface vessels 
(Peng, Liu, & Wang, 2020) (Hao, et al., 2021), ships with 
intelligent navigation system (Zhang, et al., 2021) (Zhang, 
et al., 2020), etc.) have received increasing attention 
of researchers both at home and abroad. Therefore, the 
technical upgrading and systematic transformation of small 
and medium sized container ships are extremely urgent. As 
an essential part of a small and medium sized container 
ship, a main engine power control system provides 
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propulsion for the ship, to ensure its normal navigation and 
safe operation on water. Consisted of several subsystems 
such as a main engine control subsystem, a cooling water 
temperature control subsystem, and a fuel oil viscosity 
control subsystem, the main engine power control system 
is an interconnected system involving many process 
variables and complicated couplings. The fuel oil viscosity 
control subsystem provides fuel oil for the main engine 
control subsystem, and the cooling water temperature 
control subsystem takes off excessive heat from burning 
oil in the main engine control subsystem.

Due to operational facility and positional dispersion, 
traditional controls (e.g. PID control, robust control, 
model predictive control (MPC), etc.) of the subsystems 
in the main engine power control system are always 
decentralised. Each subsystem optimises according to 
its own objective without information exchanged. The 
commonest control approach is PID. It is widely used in 
main engine power control systems due to its simplicity. 
But it is difficult for researchers to find an optimal set of 
PID parameters, especially in the complex and changeable 
working environment at sea. To solve the problem, studies 
on PID approach mainly focus on parameter tuning 
(Farouk & Sheng, 2011) (Shi, et al., 2013) (Xiros, 2004) 
(Lan, 2020) and intelligent control methods combination 
(Li, Zhao, & Zhang, 2007) (Shen & Su, 2012). Another 
approach is robust control (Huang & Wang, 2007) (Wang 
& Wang, 2019) (Kim, 2012) (Hua, et al., 2013) (Hirata, 
Ishizuki, & Suzuki, 2017). Designed offline at the worst 
case, the robust controller needs little manual intervention 
after the designing process. However, since the robust 
controller is not working at the optimal point, its control 
accuracy is comparably poor. As an advanced control 
algorithm, MPC can cope with constraints explicitly, 
and is able to compensate the system uncertainty caused 
by model mismatch, distortion, and interference in time 
(Qian & Zhao, 2007). According to whether the coupling 
information is exchanged among coupling subsystems or 
not, MPC methods can be divided as distributed MPC 
and decentralised MPC. To the best of our knowledge, 
the existed MPC studies of marine main engine power 
systems are all decentralised. For diesel engine timing 
control systems, Wang proposed a predictive function 
controller based on Morlet function (Wang, Wu, & 
Zhu, 2010), Emekli proposed an explicit model control 
algorithm (Emekli & Guvenc, 2017), and Wang proposed a 
predictive function control scheme based on multi models 
(Wang, et al., 2018).

The above researchers have achieved good results in their 
concerned aspects using corresponding methods, but they 
did not consider the effect of interconnections among 
subsystems in the main engine power control system. 
Unknown about the latest change of the interconnected 
subsystem, the controller of the main engine power control 
subsystem uses a constant as its interconnected variable 
value. Thus, the variation of the interconnected variable 

is treated as a disturbance, and the control input changes 
accordingly. Particularly, when the system is subject to 
external disturbances such as load changes of main engine, 
fuel oil shifts of different origins or kinds, and so on, the 
control input will probably have a large fluctuation, which 
will lead to the waste of fuel oil and excessive emissions 
of exhaust gas. During normal ship navigation processes 
such as cruising, it is desirable for the main engine power 
control system to keep in a smooth operation mode to 
reduce oil consumption and exhaust emission, improve 
comfortableness of travelling experience, and prolong 
service lives of actuators.

As an alternative, distributed MPC can deal with system 
interconnection effectively by iterative computation 
and information exchange (Christofides, et al., 2013). 
Most widely used in power systems (Liu, et al., 2016) 
(Mroadzadeh, et al., 2012) (MA, et al., 2016), distributed 
MPC approaches can be divided into different categories 
according to different standards. For example, they can be 
divided as deterministic systems (Zhu, Guo, & Xie, 2018) 
(Xu, et al., 2009) and nondeterministic systems (Han, 
Zhang,  & Zhang, 2016) according to system randomness, 
and can be divided as linear systems (Zanini, et al. 2011) 
(Wang & Ong, 2017), nonlinear system (Rosiane & Luís, 
2016) (Liu, et al., 2012), and hybrid system (Zhang, Yue, 
& Xie, 2017) when classified by process type. With the 
advantage of simple structure and easy realization, the 
distributed model predictive control (DMPC) method 
based on Nash equilibrium (Dong & Krogh, 2001) (Du, 
Xi, & Li, 2002) utilizes local controllers to solve local 
optimisation problems, obtains interconnected variables 
of coupling subsystem through information exchange, 
and achieves a Nash equilibrium solution by multiple 
iterative calculations. With the development of Internet 
technology, it is possible to network the three subsystems 
of the main engine power control system through ship 
local area network, thereby constructing a distributed 
control structure of the whole system. Optimised in an 
overall perspective, the results will probably be more 
close to the global optimal solution, and the problems 
brought by information blocking can be solved. Having 
more information about its coupling subsystem, the main 
engine power subsystem can make a series of adjustments 
in advance to reduce frequent fluctuations in control inputs 
and outputs and finally control the corresponding energy 
consumption.

Giving full considerations to the couplings, this article 
sets an interconnected model of the main engine power 
control system of a small and medium-sized container 
ship, and proposes a distributed MPC method based on 
Nash equilibrium in the presence of unknown bounded 
disturbances. In Section 2, for the main engine power 
control system of small and medium sized container ships, 
an interconnected model is established and an optimisation 
problem is formulated with to ensure the smooth operation 
of the system. In Section 3, a distributed model predictive 
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control scheme via Nash equilibrium is designed to solve 
the above optimisation problem. In Section 4, a contrast 
simulation is carried out to verify the effectiveness of the 
proposed scheme.

2. PROBLEM FORMULATION

For a small and medium sized container ship with a 
tonnage of 3000t to 10000t, a typical schematic diagram 
of the main engine power system is shown in Figure 1, 
and interconnections among subsystems of the main 
engine power control system are shown in Figure 2. The 
cooling water temperature control subsystem, the main 
engine control subsystem, and the fuel oil viscosity 
control subsystem (denoted as S1, S2, and S3 for simplicity, 
respectively) have their own local controllers, but keep 
interconnected according to the dark blue lines with arrows 
shown in Figure 2. Take S2 for example. On the one hand, 
it is obvious that the cooling water temperature from S1 
and the fuel oil viscosity from S3 influence the operation 
status of the main engine in S2. On the other hand, the heat 
produced by burning fuel oil in the cylinder is changed 
into mechanical energy, mostly used to provide propulsion 
for ship navigation and partly used to drive the fresh water 
pump. In other words, the speed of the fresh water pump 
from S1 is in proportion to the speed of the main engine in 
S2. Thus, the speed of the main engine affects the cooling 
water temperature of S1 indirectly. Similarly, the exhaust 
gas produced by S2 is used to heat the steam in S3, whose 
flow is the control input of S3, the higher the exhaust 
temperature is, the more the heat transfers to the fuel oil 
by steam. In a word, in the above main engine power 
control system, the outputs of the subsystems are not only 
dependent on their own states and control inputs, but also 
related to those of other subsystems. Since the decentralised 
control scheme neglects the coupling information, it may 
not be the first choice in the control of main engine power 
systems in small and medium sized container ships. 
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Figure 1: The typical schematic diagram of a main engine 
power system in a small and medium sized container ship

To establish a distributed control scheme, an optimisation 
problem should be formulated first. For a given steady 
point Pi(xis, uis, zis, yis) of Si, define ( ) ( )k∆ = −i i isx k x x

( ) ( )∆ = −i i isu k u k u , ( ) ( )∆ = −i i isz k z k z , 
( ) ( )∆ = −i i isy k y k y , where xi is an ni dimensional state 

variable, ui is an mi dimensional control input, zi is a qi 
dimensional interconnected input, and yi is a ri dimensional 
output, respectively. xis, uis, zis, and yis are the corresponding 
steady values at Pi, which are the values of states, outputs, 
control inputs and interconnected inputs of the main engine 
power control system during the cruising period of the ship 
in a normal operation. The optimisation problem is to find 
an optimal control vector ( )*

iu k  in a constraint condition 
of the system state space model so that the deviation 
values between the actual outputs and control inputs and 
the steady ones are minimum.  Thus, we formulate it as a 
quadratic problem below: 

( ) ( ) ( )
( ) ( )

12 2
,

, 1 ,..., 1 1 0
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=
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where Qi and Ri are the weight matrices of error and control 
input, and vi(k) denotes an unknown bounded disturbance 
to Si, vi(k)∈Ωi , where Ωi  is an ni dimensional vector set. 

According to the relationship shown in Figure 2, an 
interconnected simplified model is set up by using similar 
methods in (Xu, 2000) (Chen, & Deng, 2011) (Liu, 2002) 
with coefficient matrices as 
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Figure 2: The interconnection diagram of a main engine 
power system in a small and medium sized container ship
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1
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uB ,

[ ]2 0.003 0.001 0.0005 0.02= T
uB ,

3
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− 

=  
 

uB
, 

1z
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0.03
− 
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 

B ,

2z

0.15 0.0012 0.0006 0.15
0.03 0.0025 0.0006 0.03

− − 
=  − − 

T

B ,

3z

0.006
0.010
− 

=  
 

B
, [ ]1 0 1=C , [ ]2 1 0 0 1=C , 

[ ]3 1 0=C . The corresponding variable list is shown 
in Table 1 coming from an underway small and medium 
sized container ship of Ningbo Marine Co., Ltd.

Remark 1: Since the interconnected system model 
considers the couplings among the three subsystems, 
it can be used in the distributed control scheme to relief 
frequent and violent fluctuations of system control inputs 
such as fuel oil injection amounts when load shifts of main 
engine or other disturbances occur. Thus, the high energy 
consumption and excessive emissions of exhaust gas can 
be controlled in some extent. 

Table 1: Variable list of three subsystems in small and 
medium sized container ships

Sys. Var. Physical meaning Steady Value

S1

x11
Inlet temperature of 
fresh water cooler 86℃

x12
Outlet temperature of 
fresh water cooler 75℃

u11
Valve lift of three-way 
valve 56%

u12 Flow of fresh water 0.78m3/min
z1 Main engine speed 400r/min

y1
Outlet temperature of 
fresh water cooler 75℃

S2

x21 Main engine speed 400r/min
x22 Scavenging pressure 182kPa
x23 Discharge pressure 146kPa

x24
Exhaust temperature 
after turbine 228℃

u2
Fuel injection quantity 
per cylinder per cycle 1.63kg

z21
Outlet temperature of 
fresh water cooler 75℃

z22 Fuel viscosity 14cst
y21 Main engine speed 400r/min

y22
Exhaust temperature 
after turbine 228℃

S3

x31 Fuel viscosity 14cst
x32 Fuel temperature 125℃
u3 Steam flow 208kg/h

z3
Exhaust temperature 
after turbine 228℃

y3 Fuel viscosity 14cst

3. DISTRIBUTED MPC BASED ON NASH 
EQUILIBRIUM

For the interconnected model obtained in Section 2, 
centralized control is not applicable due to the dispersed 
geographical locations and high computation burdens. 
Distributed MPC has the great ability to deal with the 
couplings between subsystems effectively by information 
exchange and iterative computation. In this section, a 
DMPC control scheme based on Nash equilibrium in the 
presence of unknown bounded disturbances is proposed 
for the main engine power system of small and medium 
sized container ships. 

For the optimisation problem in Section 2, we consider the 
nominal model in the formulation of the DMPC approach 
based on Nash equilibrium. Thus, the state deviation at 
time k+m can be represented as 
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1

0
1 1

−

=

∆ + = ∆ + ∆ + − − + ∆ + − −∑
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i m i iz k z k m z k 0 0 .

Then, the deviation state and output changes to 
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we can derive a state space model in an augmented form 
as follows:
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Then, the objective function can be transferred into the 
following form:
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Figure 3: Flow chart of NE-DMPC
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According to KKT (Karush-Kuhn-Tucker) condition 
(Bazaraa, Sherali, Shetty, 2005), we can derive the optimal 
control input as follows: 

( ) ( ) ( ) ( )
-1

ˆ ˆ ˆ=- ψ 
∆ + 

 
    

T T

i iu i i iu i i i iu i iU k B G Q B G R Q B G k

where ( ) ( ) ( )ψ = ∆ + ∆ i i i iz ik A x k B z k . In conclusion, 
for subsystem Si at time =t k , the optimisation process 
of DMPC based on Nash equilibrium (NE-DMPC) is as 
follows:

Step 1 Initialize ( )∆ ix k , and exchange coupling 
information to obtain ( ),∆i lz k .

Step 2 Solve the optimisation problem in Section 2 
using NE-DMPC, and obtain ( ) ( )∆ q

iU k  (q is an iteration 
number).   

Step 3 If ( ) ( ) ( ) ( )1 ε−∆ − ∆ ≥q q
i iU k U k  (ε  is a very small 

positive number), return Step 1.

Step 4 Implement the control input on the actual subsystem 

at time k, and obtain the actual state deviation ( )∆ ix k .

Step 5 Update the correlation output deviation ( )∆ iz k , 

and obtain the correlation input deviation ( )∆ iz k .

Step 6 Let k=k+1, and return Step 1.



TRANS RINA, VOL 164, PART A3, INTL J MARITIME ENG, JUL-SEP 2022

A-322 ©2022: The Royal Institution of Naval Architects

Cooling water 
temperature

 Fuel
 viscosity 

Exhaust
 temperature

Main engine
 speed

Main engine control 
subsystem 

2

Fuel oil control 
subsystem 

3

Local controller 1 Local controller 2 Local controller 3

Cooling water 
temperature control 

subsystem 1

Ship local area networkInformation 
layer

Physical 
layer

Figure 4: NE-DMPC structure of the main engine power 
control system of small and medium sized container ships

The flow chart and structure of NE-DMPC are shown in 
Figure 3 and Figure 4, respectively.

Remark 2: In practical applications, each subsystem has 
its own independent controller. Each controller obtains the 
optimal control signal according to its own optimisation 
goal and applies it to the actual subsystem. Due to the 
coupling effect between subsystems, each subsystem needs 
to exchange related information several times in each 
optimisation horizon, and then repeats the optimisation 
calculation until the convergence condition is satisfied.

4. SIMULATION

4.1 PARAMETER SELECTION

To evaluate the effectiveness of the proposed distributed 
control scheme (i.e. NE-DMPC) designed in Section 
3, a contrast simulation between an NE-DMPC and a 
decentralised MPC is carried out using MATLAB in this 
section. As shown in Table 2, the main difference between 
the two methods is whether the system model considers 
system couplings or not. 

The simulation is carried out in Matlab 2017b with 
simulation time 200min=T . Considering the priorities of 
system variables, the weight matrices are chosen as 1 7=Q ,  

( )2 5,5=Q diag , 3 3=Q , ( )1 0.3,0.2=R diag , 2 0.5=R , 
3 0.5=R . The predictive and control horizon are chosen 

as 6=P and 4=M . The actual data at the steady point  
iP  have been shown in Table 1.

For normal operation of the main engine power system of 
small and medium sized container ships, disturbances are 
inevitable such as temperature variance of sea water, type 
transformation of fuel oil, load shift of main engine, and 
so on. In this simulation, disturbances are applied to each 
subsystem by simulating practical applications. For S1, the 
temperature disturbances change slowly and continuously, 
so we choose a sine wave signal. For S2 and S3, the load shift 
or type transformation is generally a change in sudden, so 
we choose rectangular waves. The specific settings of the 
disturbances are shown in Table 3.

Table 3: Disturbances setting

Disturbance 
variable

Application
 time Value

 v1

6-25s ( )10.005 sin 6
10
π − 

 
sx t

26-45s ( )10.0025 sin 26
20
π − 

 
sx t

v2

6-20s 20.0025− sx

21-35s 20.001 sx

v3

6-15s 30.0025 sx

16-25s 30.0015− sx

4.2 RESULTS ANALYSIS

Some comparative results between the NE-DMPC 
approach and the decentralised MPC method are 
presented in Figure 5, Figure 6, Table 4, and Table 5. 
Figure 5 and Figure 6 show the variances of  control 
inputs and outputs of the three subsystems, respectively. 
Table 4 and Table 5 give the objective function values 
and the maximum variable deviations from steady values, 
respectively. The two figures and tables all indicate that 
the NE-DMPC approach works more effectively towards 
fluctuation suppressing compared with the decentralised 
method.  

Item NE-DMPC Decentralised MPC

Objective 
function ( ) ( )

( ) ( )
12 2

,,..., 1 1 0

1min
2 i ii i

P M

i k i iQ Ru k u k M m m
J y k m u k m

−

∆ ∆ + −
= =

= ∆ + + ∆ +∑ ∑

System 
model

( ) ( ) ( )

( ) ( )
1

1 B
=

∆ + = ∆ + ∆ + ∆

∆ = ∆

∑
n

i i i iu i iz ij j
j

i i i

x k A x k u k B L x

y k C x k

( ) ( ) ( )
( ) ( )

1 +∆ + = ∆ ∆

∆ = ∆

i i i iu i

i i i

x k A x k B u k

y k C x k

Table 2: The optimisation problem of the NE-DMPC and the decentralised MPC
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Figure 5: The control input variances of the three 
subsystems of small and medium sized container ships

(a) The variances of valve lift of S1.
(b) The variances of water flow of S1.
(c) The variances of fuel injection quantity of S2. 
(d) The variances of steam flow of S3.

Figure 6: The output variances of the three subsystems of 
small and medium sized container ships

(a) The variances of cooler outlet temperature of S1.
(b) The variances of main engine speed of S2.
(c) The variances of exhaust temperature of S2. 
(d) The variances of fuel viscosity of S3.

Table 4: Comparison of objective function values 

Algorithm Objection function value
NE-DMPC 5040
Decentralised MPC 270420

Table 5: Comparison of the maximum variable deviations 
from the steady values

Variables NE-DMPC Decentralised 
MPC

Fluctuation 
 suppression rate

y1 2.4℃ 11.3℃ 78.8%
y21 11.16r/min 61.72r/min 81.9%
y22 1.5℃ 8.6℃ 82.6%
y3 0.77cst 3.80cst 79.7%
u11 4.59% 19.55% 76.5%
u12 0.079m3/min 0.40m3/min 80.3%
u2 0.13kg 0.47kg 72.3%
u3 20.74kg/h 86.67kg/h 76.1%

From Figure 5 and Figure 6, we can see that by using the 
NE-DMPC method, the control input and output variables 
have smaller fluctuations, faster reaction process, less 
oscillations, and no steady-state errors. Considering 
the interconnections among subsystems in advance, the 
NE-DMPC approach reduces over regulations and chain 
reactions of these subsystems, thus improving the overall 
performance. In Figure 5 (c), more fuel oil is wasted by 
using the decentralised MPC method due to the over 
regulation of fuel injection quantity, which goes against 
the national policy of energy conservation and emission 
reduction. To sum up, compared with the decentralised 
MPC, the NE-DMPC deals well with the influence from 
external disturbance, and keeps the system operating 
smoothly, which is extremely important to the main engine 
power systems of small and medium sized container ships 
to ensure safe and steady voyages. 

5. CONCLUSIONS

With the increasing development of information technology, 
searching for new control styles of energy saving and 
exhaust reduction is extremely urgent for the main engine 
power system of small and medium sized container ships. 
This article established a novel control scheme by setting 
up an interconnected model and designing a distributed 
MPC method based on Nash equilibrium in the presence 
of unknown bounded disturbances. Compared with the 
traditional decentralised methods, the simulation results 
show that this scheme reduces the fluctuation of control 
and output effectively, and can ensure the smooth operation 
of the system in the existence of disturbances such as load 
changes, and reduce energy consumption. The result of 
this article lays a theoretical foundation for the designs and 
reformation of main engine power control systems in small 
and medium sized container ships, while the practical 
application needs more future studies.  

6. ACKNOWLEDGEMENTS

The authors would like to appreciate the support from 
Zhejiang Provincial Key technology R & D project of 
research and demonstration application of inland container 
ship enhanced driving under ship-shore collaborative 
environment (No. 2021C01010), hosted by Zhejiang 
Scientific Research Institute of Transport and Wuhan 
University of Technology. They would like to thank 
Chief Engineer Lu for data source, and Dr. Wu for 
language inspection. This work is supported in part by 
Zhejiang Provincial Natural Science Foundation of China 
(No.LGG18E090001), in part by Zhejiang Provincial 
Postdoctoral Research Project (No.225846), in part by 
the Open Research Project of the State Key Laboratory of 
Industrial Control Technology, Zhejiang University, China 
(No.ICT2021B16), and in part by the Teacher Professional 
Development Program of Zhejiang Provincial Department 
of Education (No.FX2021123).



TRANS RINA, VOL 164, PART A3, INTL J MARITIME ENG, JUL-SEP 2022

A-324 ©2022: The Royal Institution of Naval Architects

7. REFERENCES

1. WU, J.H., JIN, Z.H., LIU, A.D., et al,  A survey of 
learning-based control of robotic visual servoing 
systems. Journal of the Franklin Institute, 2021, 
https://doi.org/10.1016/j.jfranklin.2021.11.009.

2. PHILIP, N.Y., RODRIGUES, J., WANG, 
H.G., et al, Internet of Things for In-Home 
Health Monitoring Systems: Current Advances, 
Challenges and Future Directions. IEEE Journal 
on Selected Areas in Communications, vol.39, 
pp.300-310, 2021

3. LIU, R.N., YANG, B.Y., ZIO, E., et al, Artificial 
intelligence for fault diagnosis of rotating 
machinery: A review. Mechanical Systems & 
Signal Processing, vol.108, pp.33-47, 2018

4. OGBOLE, M.O., OGBOLE, E., OLAGESIN, 
A., Cloud Systems and Applications: A Review. 
International Journal of Scientific Research in 
Computer Science Engineering and Information 
Technology, vol.7, pp:142-149, 2021.

5. MENG, Q., ZHAO, H., WANG, Y.D., Revenue 
management for container liner shipping 
services: Critical review and future research 
directions. Transportation Research Part E: 
Logistics and Transportation Review, vol.128, 
pp.280-292, 2019

6. h t tp : / /www.ewor ldsh ip .com/html /2021/
ship_market_observation_0709/172706.html 
(accessed on 09 July 2021)

7. CAI, W.Y., ZHANG M.Y., ZHENG R., Task 
assignment and path planning for multiple 
autonomous underwater vehicles using 3D 
Dubins curves. Sensors, vol.17, pp.1607, 2017

8. LI H.P., YAN W.S., Model predictive stabilization 
of constrained underactuated autonomous 
underwater vehicles with guaranteed feasibility 
and stability. IEEE/ASME Transactions on 
Mechatronics, vol.22, pp.1185-1194, 2017

9. PENG, Z.H., LIU, L., WANG, J., Output-
feedback flocking control of multiple autonomous 
surface vehicles based on data-driven adaptive 
extended state observers. IEEE Transactions on 
Cybernetics, vol.51, pp.4611-4622, 2020

10. HAO, L.Y., YU, Y., LI, T.S.,  et al, Quantized 
output-feedback control for unmanned marine 
vehicles with thruster faults via sliding-mode 
technique. IEEE Transactions on Cybernetics, 
vol.99, pp.1-14, 2021

11. ZHANG, G.Q., LI, J.Q., JIN, X., et al, Robust 
adaptive neural control for wing sail assisted 
vehicle via the multiport event-triggered 
approach. IEEE Transactions on Cybernetics,doi: 
10.1109/TCYB.2021.3091580, 2021.

12. ZHANG, G.Q., YAO, M.Q., XU, J.H.,  et al, 
Robust neural event-triggered control for dynamic 
positioning ships with actuator faults. Ocean 
Engineering, vol.207, no.4, pp.107292, 2020

13. FAROUK, N., SHENG L., Speed control 
systems on marine diesel engine with genetic 
algorithm. International Journal of Engineering 
Science & Technology, vol.3, pp.5609–5613,  
2011

14. SHI, Y., ZHANG, L., SUN, J., et al, Research on 
the speed of diesel dngine based on improved BP 
neural network controller. Applied Mechanics & 
Materials, vol.281, pp.105-111, 2013

15. XIROS, N.I., PID marine engine speed regulation 
under full load conditions for sensitivity H∞-norm 
specifications against propeller disturbance. 
Journal of Marine Engineering & Technology, 
vol.3, pp.3-11, 2004

16. LAN, W.K., Application of PID controller in 
diesel engine speed control. Ship Science and 
Technology, vol.42, pp.92-94, 2020

16. LI, H.F., ZHAO, D.L., ZHANG, C.L., 
Temperature intelligent control method for jacket 
cooling water system of main marine diesel 
engine. Journal of Dalian Maritime University, 
vol.033, pp.77-80, 2007

17. SHEN, X., SU, Y., Marine diesel engine 
speed control system based on fuzzy-PID. 
Applied Mechanics and Materials, vol.152-154,  
pp.1589-1594, 2012

18. HUANG, M.L., WANG, C.H., Research on 
double-pulse H-infinity speed governor for diesel 
engine of ship power station. Control Theory & 
Applications, vol.24, pp.283-288, 2007

19. WANG, L., WANG, S., Concise robust control 
of marine engine speed based on backstepping 
and its fuzzy comprehension. Complex, vol.10,  
pp.1-7, 2019

20. KIM, Y.B., An algorithm for robust noninteracting 
control of ship propulsion system.  Journal of 
Mechanical Science and Technology, vol.14, 
pp.393-400, 2012

21. HUA, H.D., MA, N., MA, J., et al, robust 
intelligent control design for marine diesel 
engine. J.  Journal of Shanghai Jiaotong 
University(Science), vol.18, pp.660-666, 2013

22. HIRATA, M., ISHIZUKI, S., SUZUKI, M. 
Two-degree-of-freedom H-infinity control of 
combustion in diesel engine using a discrete 
dynamics model. Control Theory and Technology, 
vol.015, pp.109-116, 2017

23. QIAN, J., ZHAO, J. (2007) Predictive control. 
Chemistry industry press, Beijing, ISBN: 
9787502595944

24. WANG, J., WU, H.B., ZHU, X.D. PFC based on 
wavelet function for diesel engine of ship power 
system. Electric Power Automation Equipment, 
vol.030, no.9, pp.24-27, 32, 2010

25. EMEKLI, M.E., GUVENC, B.A., Explicit 
MIMO model predictive boost pressure control 
of a two-stage turbocharged diesel engine. EEE 
transactions on control systems technology: A 



TRANS RINA, VOL 164, PART A3, INTL J MARITIME ENG, JUL-SEP 2022

©2022: The Royal Institution of Naval Architects A-325

publication of the IEEE Control Systems Society, 
vol.25, pp.521–534, 2017

26. WANG, R., LI, X., LIU, Y., et al, Multiple model 
predictive functional control for marine diesel 
engine. Mathematical Problems in Engineering: 
Theory, Methods and Applications, vol.1,  
pp.1-20, 2018

27. CHRISTOFIDES, P.D., et al, Distributed model 
predictive control: A tutorial review and future 
research directions. Computers & Chemical 
Engineering, vol.51, pp.21-41, 2013

28. LIU, A.D., SUN, H., YU, L., ZHANG, W.A.,  
Distributed model predictive control of wide-area 
power system with communication constraints. 
Journal of Systems Science and Mathematical 
Sciences, vol.36, pp.749-758, 2016

29. MROADZADEH, M., BOEL, R., VANDEVEL, 
DE, L., Voltage Coordination in multi-area power 
systems via distributed model predictive control. 
IEEE Transactions on Power Systems, vol.28, 
pp.513-521, 2012

30. MA, M., ZHANG, C., LIU, X., et al, Distributed 
model predictive load frequency control of multi-
Area power system after deregulation. IEEE 
Transactions on Industrial Electronics, vol.64, 
pp.5129-5139, 2016

31. ZHU, B., GUO, K., XIE, L., A new distributed 
model predictive control for unconstrained 
double-integrator multiagent systems. IEEE 
Transactions on Automatic Control, vol.63, 
pp.4367 - 4374, 2018 

32. XU, S.C., et al. Distributed control of plantwide 
chemical processes. Journal of Process Control, 
vol.19, pp.1671-1687, 2009

33. HAN, H., ZHANG, X., ZHANG, W., Robust 
distributed model predictive control under 
actuator saturations and packet dropouts with 
time-varying probabilities. IET Control Theory 
& Applications, vol.10, pp.534-544, 2016

34. ZANINI, F., SABRY, M.M., ATIENZA, D., 
et al, Hierarchical thermal management policy 
for high-performance 3D systems with liquid 
cooling. IEEE Journal on Emerging & Selected 

Topics in Circuits & Systems, vol.1, pp.88-101, 
2011

35. WANG, Z., ONG, C.J., Distributed model 
predictive control of linear discrete-time systems 
with local and global constraints. Automatica, 
vol.81, pp.184-195, 2017

36. ROSIANE, R.R., LUIS, C.O.L., A cooperative 
distributed model predictive control for 
nonlinear systems with automatic partitioning. 
Computer Aided Chemical Engineering, vol.38, 
pp.2205-2210, 2016

37. LIU, J.F., CHEN, X.Z., PENA, D.M.D.L., et al,  
Iterative distributed model predictive control 
of nonlinear systems: handling asynchronous, 
delayed measurements. IEEE Transactions on 
Automatic Control, vol.57, pp.528-534, 2012

38. ZHANG, H., YUE, D., XIE X., Distributed 
model predictive control for hybrid energy 
resource system with large-scale decomposition 
coordination approach. IEEE Access, vol.4, 
pp.9332-9344, 2017

39. Dong, J., Krogh, B.H., Distributed model 
predictive control, IEEE Control Systems 
Magazine, vol.22, pp.44-52, 2001 

40. Du, X.N., Xi Y.G., Li S.Y., Performance analysis 
of distributed model predictive control algorithm. 
Control and decision, vol.17, pp.226-229, 2002

41. XU, X., Model to regulate the temperature of main 
engine cooling water system, International Marine 
Electrotechnology Conference, Shanghai 2000

42. CHEN, Z., DENG, Y., Research on marine 
engine fuel oil viscosity control system based on 
model. International Conference on Electrical and 
Control Engineering, Yichang 2011

43. LIU, Y., Modular modeling and simulation of 
marine diesel engine. Ship Engineering, vol.1, 
pp.14–17, 2002

44. BAZARAA, M.S., SHERALI, H.D., SHETTY, 
C.M., (2005) Chapter 4. The Fritz John and 
Karush–Kuhn–tucker Optimality Conditions in 
Nonlinear Programming: Theory and Algorithms. 
John Wiley & Sons, Inc., Hoboken. https://doi.
org/10.1002/0471787779.ch4


